The complexity of the Nigerian Power Sector due to industry deregulation and abrupt variations in electricity demand and the ever increasing population density requires urgent research attention and industry action. Getting an accurate model to fit the energy demand pattern has become imperative and the need for an appropriate model cannot be overemphasized. This article therefore presents a comparative study on time series modelling of average and peak load forecasting in Nigeria. Data from the National Control Center (NCC), Oshogbo was harvested and analyzed using 
INTRODUCTION
A key index used in the determination of a Nations wellbeing in terms of development is its quest for energy demand. The global trend of technology evolution, technology transfer, integration and utilization places huge demand on energy availability. The per capita index and other economic metrics are therefore dependent on the reliability of the electrical power sector of any nation as everything seem to rise and fall on the degree of its efficiency. Electric power supply is therefore rated as one of the most essential commodities for any nation's development [1] . A quick overview on nation building informs that efficient power supply results in quality health care and economic growth to mention a few [2] . Development results in increase in power demand, which invariably requires planning ahead of time to meet the present and future demand of uninterruptible power supply [3] . Therefore, forecasting of electric energy demand is an important process in the planning of electricity utility companies [4] . In addition, accurate forecast leads to increase reliability of power supply, correct decision making for future development, quality savings in operation and maintenance costs [5] . As electric power demand increases, energy consumption assessment becomes imperative which could be carried out either hourly, daily, weekly, monthly or yearly [6] . Accurate load forecasting is vital because an overestimation will lead to economic waste since huge investment is needed for the development of excessive power infrastructure, while underestimating may result in the degeneration and possible collapse of the existing infrastructure as underinvestment may ensue thereby leading to load shedding or consumer disconnection [7] . The categorization of load forecasting is usually based on usage measured in short, medium and long term. Short term load forecasting is usually deployed when scheduling the generation and transmission of electricity. Medium term load forecasting is employed when scheduling fuel purchase while long term forecasting is used to model power supply and power delivery [8] .
Research community is saturated with diverse approach to investigating the best estimate for load forecast for which time series analysis has been adopted as the most prominent. Idoniboyeobu et al. [9] , carried out a study on long term electric load forecasting on the Nigerian power system using the modified form of exponential regression model. The model was used to predict residential, commercial and industrial load demand. In [10] , Garch model was used to estimate the volatility of the marketplace, while Harvey logistic model was used to forecast electricity demand and supply in Nigeria between 2005 and 2026. Residential electricity utilization in Nigeria was modelled and predicted using multiple/quadratic regression models in [11] . Results showed that the quadratic regression model outperformed multiple regression model. In [12] , electricity demand forecast in Tamale Ghana using ARIMA model was studied. The study employed secondary data spanning from 1990 to 2013, and the result showed that both domestic and commercial demand were increasing more rapidly than industrial sector demand. [13] carried out a comparative study on medium term load forecasting using Artificial Neural Network, ANN and regression model. Results showed that ANN-model was more superior to the regression model for load forecasting. Predicting electricity consumption using regression, Kalman filter adaptation algorithm and ANN was investigated in [14] . The report indicated that Kalman filter adaptation algorithm was best performing in terms of future prediction of electricity consumption. The aim of this paper is to carry out comparative prediction for load demand using the Moving Average (MA) model, Autoregressive Model (AM), Exponential Smoothing Model and the Harvey Model (HM). Load forecasting model accuracy will be evaluated using statistical tools for which the best model would be recommended for use in load the forecasting of the Nigerian Power system
METHODOLOGY 2.1 Data Collection
The data used in this study comprises of average and peak load demand from 2008 to 2017. They were obtained from the National Control Centre, Oshogbo, Nigeria as shown in Table 1 . 
The Exponential Smoothing Model
The exponential smoothing model is given as in equation (1).
(1) where ̂+ 1 = forecast value at time t over the period t+1;
= actual value at t; = smoothing constant (0< α <1). Substitution into previous forecasting value, results in (2). (2) is reduced to the form of (3).
Moving Average Model
The moving average is deduced by compacting the mean value for a specific set of variables and then adopting for forecasting the next period. The governing equation is presented in (4)- (6) .
where ̂+ 1 = forecast value at t+1; = actual value at t and n = degree or measure of observations
Autoregressive Model
The first order autoregressive model is given by (7) = + 1 −1 + (7) The estimated model is given in (8) and subsequently in (9) . Substituting (8) into (9) gives (10) .
) 2 (10)
Harvey Model
The Harvey Model is given by (11) . ln = ln −1 + + + (11) and = − −1
) and = ln( −1 ) then equation (11) becomes (12) . 
The solution of equation (15) gives the constants of the model.
Performance Evaluation of Model
The statistical tools used to estimate the model's performance are herein represented taking note that the smaller the error, the better the forecasting model. Root Mean Square Error (RMSE). The statistical tools are given in equations (19) 
CONCLUSION

